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Word2vec / Doc2vec Parameters
Word2vec &2 CtAet parameterZt ZXe

£3], word dimension, window size, training epoch 7} BIZtst parameter

- Dimension

- Windows

- Training epoch w11

- Methods (PV-DM/PV-DBOW) 1

- Concatenate/average I‘/ Dimension

- Negative Sampling, Subsampling of Frequent words S2 LLL el LI Average/concatenate
distributed memory (PV-DM) distributed bag of words (PV-
o — DBOW), (o o) Lol o] eyl Ll trryurtg] [TT1]
S Concatote T \\Eﬂé/ Brand ID w1 w2 e w10

7 / 1N
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M HEE & xshst Q=X|

Fembedding E|A=X
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Electronics \ Electronics
LOREAL review 1
D&G review 1
/ = i
LOREAL Clothing Clothing
D&G Beauty LOREAL review 500 Beauty
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A¥ Zz}

Z} category 0| A review Zils=7} B2 300072 EHES MEHSIRILCE,
3 F, 502702 review E 22| = MEHSIRILE,

Dataset

Electronics, Clothing, Beauty Zt category 0[] review =7} B£2 3000 7H2| Eaii = MEH
- Electronics: 2,902,574

- Beauty: 1,207,767

- Clothing : 796,366

Category & review 77 CtEEE, 502H7HM sampling & 15027l dataset A

A3 1 Doc2vecE 0|23t Review dataset 0 3t= parameter setting

A3l 2 Brand2vec2 O|&%t Brand Vector 0fl 5= parameter setting
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&1 2o

=0
AH 12 7|Z&9Q| Doc2vec HHE 0|23H0 2 review X E SHEA|ZICT
st&El document vector & tralmng/test setQ 2 LI M trai

| ining set@ £ logistic regression 222 sH& L,
Zt window size, dimension, epoch Ofl IL}2} test accuracy £ 2HQIHCY,

0.88

0.86

0.84

0.8

N

0.

0o

0.7

0o

0.7

(o)}

0.7

N

0.7

N

0.

~

Dimension, Window size 0f| It2 accuracy > Epoch Ol 2 accuracy \E)Viir:dj\c,)g;‘
0.88
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6 8 10 12 0.76
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Ad 2 A5

Ae 2= H|QHst Brand2Vec 2 S 0| &30 2f Brand VectorE st&A|7IC.

st&El Brand Vector 2 training/test set@ £ LM A training set2 2 logistic regression L& S Sr& ot
Zt window size, dimension, epoch Ofl IL}2} test accuracy £ 2HQIHCY,

0.955

0.95

0.945

0.9

e

0.935

0.9

w

0.925

mm 500,

Dimension, Window size 0| [[}£ accuracy

6 8 10

m100 m200 =300 m400 =500

12 0.91
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e 1&2 & &glet 2

H L.
1, 2 25 dimension 0] 500 A< category 257 M 50| 7t& EUOLY,
HICHZ, Document EH 2 &S AL window size7t 22 AR 50| EUCH,
Brand vector 2| 2= & 5 50| & EULC. wa2tA, & 7FXIE 125t Dimension 500, window 8, epoch 10
« Parameter setting
1) Brand vector, Word vector dimension : 500 w11
2) Window : 8 i
3) Epoch:10 300 At
o L1 III‘/average
4) Model : Distributed Memory model
5) 300'H O|5tZ S&ETE tol= XA
6) Average / concatenation 2 & average eyl b Y L1 LI 2 L1 Y L1]
Brand ID wi w2 w10
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1. M2 4. A Aut 9 application

- UGC(User generated content)?| 4, 7|2 A - Dataset description (Amazon dataset0f| CHet H&H)
=X AR XHO|H

- Counting-based 9| &, CtH

Parameter search 21}

Application (1. ®|= %40 7|gtet Positioning, 2. Keyword

(MK 2|1, XtS2tx, 22X, reproducible) extraction)
- Counting-based W' o| tt™ S 2 =55}7| 2|l 5. Discussion

Word2vec 2 8%t Brand2vec H'HS Xt
2, 2H A
- UGCEZ &8¢ At
- Word representation
3. A|2hsh= W : Brand2Vec
- Brand2Vec 89

- Parameter search (2| ®[7|, A& AA)

- Summary
- Limitation & Future work
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ME

-UGC(User generated content)?| 524, 7|& 2T Atete| X0|H

—
-Counting-based &'Ho| &, THH (& Zlatxj/ th HIE |, 244 0| Ho{X| 1, reproducible 3tX| %42

-Counting-based &' 2| tHEHE 3=5t7| 2[5l Word2vec rand2vec 2 ot
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o - 2) Word Representation
TextS 2M8t7| oA TextS ‘LA 2 #Hekst= 20| 2R,

CtHE =XA12 BHsHE WHE 37| tto{o] SZ BIZ E AAMSH=E Discrete $F B 1L Neural network S8 Sl
Dlstrlbuted StA| LIEfLH= B O| QULF,

Discrete representation Distributed Representation
0il) One-hot vector 0il) Word2vec, Glove
Word-word / Word-Document Matrix
1 0 0 1.5 1.8 1.6
dog =|0| cat =] 1 pig =10 dog =103|cat=|1.1| pig=|-2.3
0 0 1 0.8 0.2 -1.5
- A EM =22 EFY HROA SES To{2| ] - Neural Network & E6f TtHE continuous
= /| SES ALt gy St vector 2 H2t
- B2} Tt ALO|Q| ‘similarity’ H| w7t S7ts - Bengio[1] 7} M2 H|2ts A %[22 Mikolov[5]
- =W M SR HOHEtE BTV HOoH 20 9| “*“*(WordZveC)OI F=E
0|t SO 2 24 - Ero] & similarity A[4t0| 7} S3IH, H|=?t 2
WM AL El= THO{S0| similarity 7t =2

"
-
1
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2 HAL - 2) Word representation

Word2Vec2 FHZ C 72| window AFO|= THE 9| Bto{7t QIS f, O CHS 0| SEE THo{e] HEQ| p(wylw)) E
Maximize St= Wiy 2t W'y« = Neural Network £ 0|&35t0] L= HHHO|CE,
Gradient Descent &S O[3l SEE Wy n, Winky & BatS e THO2Q| representation 0|2} StCt,

s OO0

|O

[eNeXe]|

[ [e L]

\ Input layer

= 00 0]

©

O

/ .
/ CxV-dim
J2lEX : Reference

o X7|9}
- Vocabulary size V, Hidden layer size N (=Word Vector Size)
- Input node #f=2 Zf TH0{=2| One-hot encoding 422
x,=[1,0,...0], x,=[0,1,...0], x,,=[0,0,...1]

- Wysn 2 W'y = random 8tA| x7|3}

6Ou‘rput layer

: x,cOfl SHEHSHE EHOI7} LIITH, T - W = W, = v,

o ; X|EEl window & SEA 2t HO{OL} L2 = v, A4S B0t h & Felrt.
S— O X ZHOR Input THO{7F FO{IF S M CHS TS o Z8tA 2 &L

Yediitn exp(v' v, * Vwr)

p(wolw;) = p
v exp(v'], - v)

Training
max p(wo|w;)
Gradient Descent (+Negative Sampling)

o]
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2t Al - 2) Word representation
7|1Z2| Word2Vec S 883t Z&H(Z2 ALt class)E THo{et &H| st&S Al7|= 2
C

A
Doc2vec [3]2 Et012} Paragraph B2 E &4l Ct2 T E 0| F5t= 2EO|H,
BE0o5to] o1t el et&Al7|= 2 -0|CE

o

rlo
oL ojn
a0
~N
I
0
1|
N
rlo
)
Q)
wn
wn

lass2vec[8]

W3 » Word2Vec AH8l|Zl window 27|29 tto{7} QS
], CtS0l| L2 SO E St= 2HES £[CH3t
[o] ==l g

Average/concatenate [ [ T [ T[]

— Doc2Vec B3

/

|
I
Class_ID :
|
I
|

Class2Vec O| 2A17I €™ 4% Review O|™ Positive
4 3% 0|5}0|™ Negative class
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Proposed Method - 1) Brand2vec

Distributed Memory Model[3] & Class2vec[8] &| OIO|C|HE H
EXN HHM 0 CHsH Social media 22 product review datadi Al 2
EX™ HEE SILFQ| vector2 E?j SFH?

1O — L-——

_IHJ

= 2= BHEE2 20}

OI'

0fl) Samsung H[Z0]| Chet Review 21 22 Brand_ID = ‘Class_brands_Samsung’ 2t 20| 1{3%t IDE F0{5t0
2= Samsung HZ2| ReviewE BFF st 5tLIC| VectorE MY =+ U2

w4
[TTITTI1I] Average/concatenate
Samsung
Coca cola HEERER |||“||||||“||| “—|_|_|
Apple
. Brand ID w1 w2 w3
Nike
Hyundai
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Proposed Method - 2) Brand2vec Parameter Optimization

Word2vec 2H2 CHSt parameterZt X

£73|, word dimension, window size, training epoch 7t BIZfet parameter
- Dimension
- Windows
- Training epoch w11
- Methods (PV-DM/PV-DBOW) 1
- Concatenate/average T I‘/ Dimension
- Negative Sampling, Subsampling of Frequent words S2 Average/concatenate
distributed memory (PV-DM) distributed bag of words (PV-DBOW) TITI0 O (I0 T 1T
Classifier Classifier |‘,_hE IC_Htl |n_at| [L] A A 'y
Average/Concatenale o Brand ID W1 W2 ) W1 O
Faragraph Matrix-- * — * * Paragraph Matrix -------- =
Paragraph the pa E‘ar.‘a.-:_;:aph
id id
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Proposed Method - 2) Brand2vec Parameter Optimization
Brand Vector 7t & embedding E|RA=X| 2lst7| |5 A of2iet 20| category E 2F o= EHE H|Qte
72{Lt, Brand 4= TH| 2A LY, word H+0f BIsH 02 7| t2of HAHE M2 S & sadicia oM, CojLt 2

N ASIS 8 Eeera SIoAle o & olS. T2, ofeh 2 J1R] 250l Hiet e
Al 1 Brand Vector € 7|& AMH 2 Document Vector £ 7|&
Samsung review 1
LOREAL review 1
D&G review 1
/ = i
OREAL . ;| coting |
D&G review 500
DOLCE : GABBANA
Samsung review 500
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A3 A1} - 1) Dataset Description

Amazon Review Data[4] & Electronics ZtE|112|2| 2012EkE 0|
CHSH 2M 2 AlA|lgh £ 9,557742] HaHE Z 1071 O[2+e| review 7t

Logitech, Sony, Generic E2HE =02 review7} 30| =22{ Q= HS & £ UL

HHOFIH O] review, 34710 &dt= token SO
HHEE= H25IFH,

rrig
w

—

Number of Reviews by Brands

=] 90000
20124 0| = Electronics 7| 222 review 5,566,912 reviews 80000
ReviewZ} S17Lt, brand 27} G M X2 2,959,904 reviews 70000
ReviewZ} 107 O|ArQl Brand 2t MEH 2,944,904 reviews 60000
Total tokens 218,288,099 token 50000
Number of unique words 886,768 words 40000
Year Num of Reviews = Brands 9,557 30000
2012 611,669 -
2013 1,405,001 Review 1071 . 15
2014 954,708 O] Atel Brands = 10000

0

SO EF OF S FE LSO S F S E LS E
\59{& %OQQ’Q@%?’(S;%(&O T Gifa&eo@o\ e éiee\/o‘v@&@\@&é%éo’
Q?,@ C QQ,
N
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AlSl A3} - 2) Parameter search

Ae 12 7|1E2| Doc2vec WS 0|50 2f review =AM E StEA|7ICE.
St&El document vector 2 training/test set2 £ LI A training set2 £ logistic regression 2 &S SH&otCt,

Zf window size, dimension, epoch 0 2} test accuracy E 2FQISICY,

Dim : 500
Dimension, Window size 0| L} accurac > : '
off IohE y Epoch 0| (2 accuracy  \indows 4
0.87 0.88
0.86
0.86
0.85
0.84
0.84
0.82
0.83
0.82 0.8
0.81 III I 0.78
o 1 I
6 8 10 12 0.76
0 2 4 6 8 10 12
=100 m200 m300 m400 m500
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AMlS A} - 2) Parameter search

Y 2= M Brand2Vec 2 & 0|83t 2 Brand VectorE &&AIZICE
st& 2l Brand Vector £ training/test set2 2 LI M training set@ £ logistic regression 22 S st&3HCY,
2 window size, dimension, epoch O [I}2t test accuracy £ —.‘?_|3._H:h

D|m 500,

Dimension, Window size 0| [[}£ accuracy

0.955
0.95

0.945

0.94

0.935

0.925
4 6 8 10

m 100 =200 =300 m400 m500

w

0.91
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AlS A} - 2) Parameter search

« Parameter setting

1) Brand vector, Word vector dimension : 500 w8

2) Window : 8 *

3) Epoch:10 300 A+
P HERRN I‘/ average

4) Model : Distributed Memory model

5) 300 O[5tz S& et THol= XA
6) Average / concatenation & & average ey iyt J11]
. Brand ID w1 w2 w7
* Preprocessing
1) #2,@ S E+EXA MA
2) =Xt H|A
3) &EAL
2015-12-02 MABEHER MBThstm At st Glo|E{Otol Y Al 21



= = plication #1 Product positioning

2l CHEXM O Z Samsung, Apple 2| Brands vectord| CHH A
Cto] Vector E2 242 cosine similarityS 7|=Q 2 MEstH o2t ZCt.
c

RS W 2P BACIL SFOID, £OI9t MDY T 2 Brand®l MES0| SHE.

—

ME 23 -3)A
|.

Modeling Z2tE =215}
CIZ Brand Vector, 12|12
Brand Vector 77|2| H|

Canon Brand Vector
vs Word Vectors

Canon Brand Vector
vs CF2 Brand Vector

Samsung Brand Vector

Samsung Brand Vector
vs Word Vectors

vs CHE Brand Vector

Rank Brand Vector Similarity Rank Word Vectors Similarity Rank Brand Vector Similarity Rank Word Vectors Similarity
1 brand_Acer 0.599127412 1 samsung 0311653763 1 brand_Nikon 0.837055743 1 canon 0.429237217
2 brand_Toshiba 0.554059386 2 samsung's 0.283994943 2 brand_Focus Camera 0.794900835 2 zoom 0.407715142
3 brand_Proscan 0.502482474 3 smart 0.251906753 3 brand_Fujifilm 0777616978 3 dslr 0.406417727
4 brand_Lenovo 0496127099 4 google 0249304563 4 brand Sigma 0.764016926 4  telephoto 0.389285982
5 brand_Sharp 0493932307 5 -inch 0.234910056 5 brand_Pentax 0762909949 5  nikon 0.376861036
6 brand_HP 0493476391 6 ativ 0.231575415 6 brand_Tamron 0.761495411 6 slr 0.376529872
7 brand_TCL 0466564476 7 g 0.229704186 7 brand_Tokina 0709402978 7 bodies 0.362603426
8 brand_Dell 0465381593 8 series 0.227229744 8 brand_Rokinon 0704099953 8  megapixel 0.35245049
9 brand_VIZIO 0463649154 9  plasma 0.225709692 9 brand_SSE 0.690469563 9 macro 0.347912639
10 brand_Kocaso 0456790328 10 smarttv 0.224222615 10 brand_Vivitar 0674572706 10  point-and-shoot 0.339259535
11 brand_Seiki 0451489329 11 viera 0.218730122 11 brand_Olympus 0671126723 11 minolta 0.337206662
12 brand_Hannspree 0439872414 12 dip 0.213553518 12 brand_Bower 0.670254111 12 full-frame 0.334055722
13 brand_Le Pan 0434715688 13 microsdxc 0.205569863 13 brand_Leica 0.663152575 13 low-light 0.330319881
14 brand_Pipo 0430985391 14 multitasking  0.202972621 14 brand_Zeikos 0.660996616 14  cannon 0.327950805
15 brand_Asus 0.427316636 15 dual-core 0.20019044 15 brand_Bower Camera 0.654028356 15 -mm 0.326378137
16 brand_OCZ 0426803976 16 snappy 0.200056091 16 brand_Holga 0.638572991 16 wide-angle 0.324263781
17 brand_TabletExpress 04194749 17 quad-core 0.19897674 17 brand_Ricoh 0.6347543 17 panoramic 0.318859756
18 brand_Marquis 0.416073591 18 random 0.194532454 18 brand_Raynox 0.632844329 18 lens 0.316940278
19 brand_Double Power 0.409678906 19 bd 0.194449708 19 brand_Elite Brands Inc 0.622957945 19 body 0.312601537
20 brand Kaser 0.407244563 20 android 0.191939622 20 brand HeroFiber 0.615471661 20 nex 0.309334666
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HIHH=S

oH= ©

Of2iet 20| Computer, Earphone, Camera 2t= &

=0l representation0| & E[ICIHH

=)
=

A% Ao} - 3) Application #1 Product positioning
Brand2Vec
2} Brand7} d35k= MZES2| PropertyS Xt QU

-t VectorOf| CHSH 282 71&F 717t Brand VectorE

2t2to| Vectors=
Zd0|Ct,

ZOFE UL,

(computer + desktop)/2

(earphone+ headphone)/2

(camera + cameras)/2

Rank Brand Cosine Sim Rank Brand Cosine Sim
1 Dell 0.141820 > 1 Sennheiser 0.211692
2 StarTech 0.122915 2 Monster 0.187543 |«
3 SIB 0.103958 3 JvC 0.145613
4 HP 0.103505 4 Monoprice 0.134583
5 Cooler Master 0.099601 5 Bose 0.123318

Sennheiser HD 598

by Sennheiser

$161.85 334900 /Prime
Get it by Friday, Nov 20

More Buying Choices
$156.45 new (76 offers)
$100.91 used (7 offers)

Monster Diamond Tears

by Monster
$219.99 34008 /Prime
Cnly 1 leftin stock - order soon.

Maore Buying Choices
$194.00 new (11 offers)
$130.99 used (5 offers)

See newer model of this item

Rank Brand Cosine Sim
1 Canon 0.199109
2 Nikon 0.187253
3 Neewer 0.141008
4 Case|Logic 0.077866
5 Panasonic 0.074816

™

See more choices

Neewer TT560 Flash Speedlite
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| - 3) Application #1 Product positioning

AE3SIFLCE Canon, Nikon} 20| HJ
Audio
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Alsl At - 3) Application #1 Product positioning

Otz 507K Brands 2| Brands VectorE T-SNEE 0| 23}10] A|Zt35} F Zd0|C}
Dendrogram Zotet 20| H|3t EMES0| F0|= A

2 Edll Brand2Vec 7t Brand 2| E4& vtIJUCID = = ULt
. < Roku ) Media players
Phone Acc Google
Foscam o Netgear
s OtterBox . ] .TP—LINK O.Sgr?yasonic
echnology VC _ TV mounts
Pyle ®  ® Sennheiser
J ° _ ® Bose
Pioneer ® Philips
PC components

)
o Monster.LgCA
® Motorola
BELKIN o StarTech Monoprice ® Garmin
¢ Generic

° ® Mediabridge
o Targus. eForCity ® BlueRigger

5 VideoSecu
¢ Cheetah

® Microsoft
® | ogitech

Cooler l\/laster
[ ]

Corsair Cruaal

¢/ Western Digital
Seaghate

® Case Logic
Canone Neewer

Camera
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A 1t - 3) Application #2 Keyword extraction

Rl 7|Ze| wele 20| 3ol HYEI7| TR0l Aol ofFiCt.
Oz E&= Samsung review Of|A{ BO| L2 THo{S2ld|, 2tz2to| F2oln|ot TS o
BE Z7to| XIO| = & =7} QiLCt.
Samsung Apple Microsoft

word freq word freq word freq

'the' 248605 'the' 126988 'the’ 91585

176480 ' 102026 i 62185

143593 it 85896 it 51693

139232 ‘and' 78219 ‘and’ 48569

138997 'to’ 75939 a’ 47302

127862 ‘a' 63404 'to’ 46632

90798 is' 47089 is' 34210

77955 ‘my' 38751 'this' 25846

68564 'this 38393 ‘for' 23818

60744 ‘for' 37519 ‘of' 22477

60073 'of’ 32447 'my’ 18969

53027 'with' 28079 'that' 18556

51316 'that' 27412 ‘on' 17431

48394 'you 25156 ‘'with' 16796

46018 in' 24011 'mouse’ 16560

43621 ‘on’ 23682 'keyboard' 16430

41533 'have 23463 'you' 15231

40660 ‘was' 22945 in' 15154

40227 apple 22576 ‘but’ 14456
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A 1t - 3) Application #2 Keyword extraction
ot ZtHE off M A0l 2oo] Ch27| BiE0]7| R0 S thoje| B =0

P(Brands|word)E S0l Y0t = &= UL

Zto C
E=E

Of 2t0| 2H, 3ilS EAM S STHH 2 H2[Jt 7P T 6H£||-6é|- = ALt

bt

MOl Review Of| Al 0|
MEE|=

AP 4, B

Conditional Probability £ F$tCt

|

Ol= MCHA SimilarityS 2|0|&t

%L 7017l B AL Chol

e H XH0|E HER B
B = Brand2t GEA=S 240 W Brand & XI0|E =&

0 A € {good,nice,new ...} . J

. TP miew
ofl) P(HP|ew) = — R UIP TeW)
Hlwstn A2

Zbrands eXp(Bbrand'Aj)
o) i € {Apple, Samsung ...}

[1] 382t7H2| Review & 3TH7HEH Random Sampling 8t 20, NLTKE 0|23l Part of Speech taggings & Al
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=

M=t

ot

i Mt ehat o|ojE{Otol g A A

exp(HP-new)+exp(Dell-new)+ ...
B exp(Bi-Aj)
Brand Vectors B;, P(B;| 4)) =



e . . .
A 1t - 3) Application #2 Keyword extraction
G| S04, 2lol Al HAI3t Desktop M=K 97HE 0|85t0] P(B; | 4;) & FotH 2t = 22 S S LIEH= B ES
&S £ ACt. 2 F tHEM 2 Z Samsung, Apple, Microsoft 2 ol X7} orzet 7”1
Ot S| 2uAr MRIME metsty| 2ol siieh 23 =2 ReviewO| CHSHA PMIM 7t &2 CHO{E =2 |IES QIS
Samsung Apple Microsoft
word Distance  freq word Distance  freq word Distance freq
sharp 1 881 air 1 2144 vertical 1 99
direct 1 362 classic 1 706 stiff 1 165
interested 1 237 cute 1 118 closer 1 112
local 1 640 magnetic 1 89 comfortable 1 2034
glad 1 1035 proprietary 1 121 traditional 1 195
forth 0.999997 183 popular 1 80 key 1 2669
slim 0.999996 709 compatible 1 400 natural 1 786
enable 0.999995 198 magic 1 392 mechanical 1 225
interesting  0.999986 146 versatile 1 95 couch 1 139
final 0.999986 195 similar 1 384 ergonomic 1 1403
want 0.999981 5575 white 1 587 responsive 1 558
pull 0.999973 331 handy 1 324 soft 1 360
crucial 0.999921 226 short 1 524 harder 1 158
confident 0.999455 80 sturdy 1 221 smooth 1 581
live 0.999167 731 stronger 1 60 sensitive 1 308
thin 0.998927 1060 substantial 1 38 uncomfortable 1 235
available 0.998615 1893 heavier 1 126 regular 1 558
important ~ 0.998227 728 impossible 1 143 love 1 2991
electronic  0.996423 263 protective 1 158 easier 1 508
[1] window size = 3, 101 0|2tO 2 L2 wordE HHE
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1} - 3) Application #2 Keyword extraction : Samsung

Sa sung Brandoil CHal LI=2 7| EE HT{E ™, Samsung 3d Active Glasses 2F Z2 Samsung 1153t

IFE7l LIk 218 o 4 gLk,
S S HIE{7} | Zo
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I - 3) Application #2 Keyword extraction : Apple

Soll, ArEX}7t Lot S 0] THol B0 RISt ISS

‘Protective’ 2h= CHO{7t =A| L2 WS EH, Apple MIZE2| LHL-H0] CHal issue 7
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A 1t - 3) Application #2 Keyword extraction : Microsoft

Microsoft 2 E = E} E2HE0f| H|3H keyboard M| E2| EX0| FEZX|H,

XBOX 2t= AlIM7|E RtE=0 J2{ot EFE & LIEH = 7|/ E7L =& E 8 &l & =+ UL

|
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Discussion - 1) HIEE 7|dt HieH o}
7

7|20 O 2ol 85T CHEE2] Text mining
2 o= BAI5HALE 22 Fo|0|tt tHo{S0| To| SESHA E.
s

o [
HtH Brand Vector B HIE 7} MO2tE Q0|0|8t CIO{E AEe 4 Qlm, HIN S StH Bt

Frequency AT 7} = ® | . Spico| SmS UELS tojg $5017| ofi2
based Alate] o 2 FEYU0| HRoh| miZof 20| JHYE Jts
CoEn M0l &8
- HHE 719 RAIEE mofe = U3
- S HEEE Brand?| S8 = A
Brand Vector CT = - = « EZHOIX| S

approach = keyvcv>o dS =S+ NS . . ""3 ':'?_H':loh EHT’_ t Review 7} 2 20| R8¢

- $EAS XA25H0] Reproducible 7| IHE
Off H2td S =t
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Discussion - 2) 2E I

Brand Vector &2 & E6IH, |5 20t otL|2}

Aoflel, FX|el, AZE AELS2| Social MediaE # 8%t vector representation = 7tsg A0 f
0| Sl vl QA= S clustering t7Lt, R2/0/3t keywordE FE5H= S0l MY £ U2 A2 J|Cstot,
olo[E =% Brand2vec M & ANZtst =22 Keyword £&

Brand2Vec 212 HE 0| A
[0.28,0.56,0.13, ...0.91]

® ¢z
® Zglo}
[0.32,0.65,0.18, ...0.25] ® ojZH
= EEIGN)) ZAOHO Al
word distance word distance
Chaf 0.xx =4 0.aa
[0.32,0.65,0.18, ...0.25] o2 oy mA  0bb
o|& 0.2z OtECHR  O.cc
702 0.ww S 0.dd
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ZE - 3) Summary & Future work

Word2VecE && 50, ZF BrandE StLEC| Vector2 BESIRILCE 0|8 Sdlf B E 71| X He|7t R X=X 2helst
1, conditional probability & &235t0{ Brand & EX X0l keyword & FEE 4 JUCt
FIMM Q2 %[ X2lEl parameter search B, A|ZH0]| [HE Brand?| Hal F0|E 2Me & QS A0|Ct

* Summary
2t HEHEH Review MEE 25 HHESI0| 2 HHEE StLI2| VectorE representation &
- Brand Vector 2| C}Q5t &-ghiot

- Hierarchical Clustering, Positioning Map 2 Sl A EHE7|2| F0|=X| &telet

= -0

o
P |
=
oot

- Brand®| Product PropertyZt §X|=[=X| 2tolgt
- Conditional ProbabilityE &&%t Brand & |2|0|%t £Hof
O

- ol2fgt w2 S8 Brand2vec o R84S Bolstg

e Future work
- Electronics 7}E| 12| 0|20 IjM, Al E S C}OFSt Brandof] CHSH MY S E6 MAMX HX
- A|Zto]f| IIH2 review data =

- Modeld Sentiment @& & HIFH5IH Sentiment analysis & 7ts

fujn
futot
ol
Ot
2 |

HEO| st 20|S 4

[l
a1
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