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Year

Common
Concern

Federal Reserve
System

European Central
Bank

Bank of England

Deutsche
Bundesbank

Bank of Japan

2005

2006

2007

2008

2010

2011

2012

2013

Sustainability
Credibility

China
Inflation

Competitive
Global Imbalance

Subprime-
Mortgage

Financial Turmoil
Commodity Prices

Financial Crisis
Lehman Brothers

Recovery
Reform

Sovereign Debt
Basel III

Europe
Deleveraging

Real Economy
Price Stability

Corporate Gover-
nance Scandals

Oil/Natural Gas
Basel II

Risk Management
Creditworthiness

Foreclosures

Primary Dealers
Foreclosures

TALF
SCAP

Unemployed
SCAP

Job Growth
Dodd-Franc Act

Maturity Extension
Forward Guidance

(At least as long as)
Unemployment

-
-
I

Parliaments
Growth and Job

Domestic Inflat-
ionary Pressure

Monetary-
Expansion

Risk to Price
Stability

Price Stability
Supply of Liquidity

Non-standard

Macroprudential

Macroprudential
Excessive Deficit

Economic
Governance

OMT / SSM
Fragmentation

Fragmentation
SSM / SRM

Low Inflation
Repo Rate
Crystallising

Exchange Rates
China / India

Growth of Money
and Credit

Failing Banks
Spare Capacity

Asset Purchase

[%2]
wn

VAT
Depreciation of £

Real Incomes
PRA

M
-
wn

Government-
Deficit

Debt Levels

Future Inflation
Two Pillar Strategy

Local Currency
Bond Market

Resilience of-
Financial System

Expansionary-
Monetary Policy

Microprudential
Reform of Basel II

No Bail
Shadow Banking

Liability
Rescue Package

Liability

Deflation

Private-
Consumption

Domestic and-
External Demand

Price Stability
Securitized-
Product

Outright Purchase
Credit Bubble

Overcoming-
Deflation

After Earthquake
Monetary Easing

European Debt

m
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Association Rules Support Count | Support Count
of Antecedent of Rule

Diaper = Beer

{Milk, Diaper} = Beer

Bread = Milk

{Bread, Milk} = Diaper

{Bread, Milk} = Coke

http://www.hypertextbookshop.com/dataminingbook/public_version/contents/chapters/chapter002/section001/blue/p
age002.html
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Other "customers”?

Voters
Employees
Central Bankers

People



QAX

* Usas online dating

® Drinks Budweiser

= Eats ab KFC
Analysis: utes

= Plays fantasy sports

= Drinks merlot

= Drives a BNUW
Aralysis: votes

REPUBEL LN

Irives a Bulck

= Irinks Corona Light

= Eats at 0live Garden
Aralysis: votes

* Eats at Denmy's

= Irives 3 Hini

¢ Listens ko Pandora
knalysis: wotes

BEMOCRAT

JEFF CUIRHANVERY BRE 4 NEWT GROIIP

www.mercurynews.com

140
.Gdf Channel 4
MSHEG TeM 13
. CNBC . FSN (FOX Speris Net)
FING [FOX News)
cm. AN Hoading News o ESPN istary 120
ALE D'u'amun
Brave
. Food Nt ‘Weather 110
Pﬂl | Fla 1
mal
o oMT
- m Llfalirna. Aﬂc Family, Epla TV
g POLITICAL PROFILE OF NATIGHAL GABLE AUDIENCES 40
E'. This bubble chart shows weekly cable audiences arayed by
’ Chsn PAFEANSHIp (e ROREGNLA] 2xs) and voler turnout (e
Nidcatha. ey wistical s ) Lasger bubbles indicate a karger audience.
Highumou! Republicans ast man (ol 1o bi walching 80
OHiﬂkahdam channels in tha waper fighl hand quadrant - e.g.,Fox News,
it . Gall Channel, History Channel. The augiences for MSKBC "
and CHN skew toward high-lumout Democrats. 4
- 20 ] 20 &0 B0
DEMOCRAT SXEW Republican Index Minus Dermocrat Index REFUBLICAN SKEW

campaignstops.blogs.nytimes.com

HIGH TURNGUT

Vater Turn-oul Indax

LW TURNGUT


http://www.mercurynews.com/presidentelect/ci_21811375/2012-mining-data-about-voters-and-then-nanotargeting
http://campaignstops.blogs.nytimes.com/2012/04/

OhEelHA

o OIAIO|E (Descriptive)
— Business Intelligence
e InIN=PY

L— L— L /1

-2 2HE

o ILAO|E (Predictive)

- 0=/2F

— O| & & A|




T W
m Nl
T
ol amm
%) Ux.w 0| M_\l
. = K0 RO n
2 N (S
= HO o
0 oM iy
K0 & —— M
© ur S N oT
v RENCORN -4
2 mn_A_n #_uca
U — &0 1000
o mm— ] .__AO.AI
L
L i DN
ak M= M L2 37

wo o joll 70 = 170
ur - K1 ur = K-
_

~

. —

- = |
o o

Stephen Yu, Computer World



event tE= target

2

3

A
-]

)

I

al

- 0| =S O0[Lt ANH| A2 AL A2 HIAE AL,

- A 22

ZH
|

Stephen Yu, Computer World




7‘* Roll Force

= 23y 2

Stephen Yu, Computer World



£2t4 event EE = target

+ 1 EHH: EFZIO| Chgt 48kx

. "2 Blo| ME D20 £3F o|n
— U0} 0| A7 5HBH 9
~O{L MZo| 7|7te m{s=Tp?
e TEN=F,

~3F 07 OFL| B 11 S0 9|42

— —

Stephen Yu, Computer World



wm IF
w
S
du of
sl ™

2
co 0
¥ <
T
o U
~ 80 a1
ol QW
(@) o — L|_._._
o < LA 10
0o & wo
AR
no U| & W




event tE= target

TpAl
— [

m O“_o O_I

K OF  zodl
_ _ _ o
Ol KO i ol &l
mp, S K
- <l ol

I ks i
ST ™M S oy Hop

— Kl = 10 T
TR < TH %0 <
= uEo| W U

_RK=K =< _ DR
o O wr &M Km

Stephen Yu, Computer World



. EFSH 110t OlY & BEFAF 0|8
— 7879 (Platinum 93.1%)

+ ZIZ 480t 0|4 & 24/ 108t 0|4 & BHEAF O

of Bt N

— 1518 (Platinum 92.7%)

+ ZEFTHE 0|4 & 4/ 240t
1189l 0|8t & ZHEAF 0|8

— 908 (Platinum 93.3%)

=
2
o

—_—



event tE= target

TpAl
— [

Stephen Yu, Computer World



OhEelHA

o OIAIO|E (Descriptive)
— Business Intelligence
e InIN=PY

L— L— L /1

-2 2HE

o ILAO|E (Predictive)

-0=/2F

— O| & & A|




Ol=/=F

Prediction /Classification

=8 40| OHA g Hmelof 2rs2 &s
U= 140 &= 6/hE Ul 0|2 O F
Chs = 7t &5 OF = (&2 71 0], 8
A2HE)

=d T kel FZ U=

Mz Sl B x| fojmHe| == o=

Ol= X[ &AtS UEOHOF SO{AM E 2




/=

=
—

Of

|AFE8LE

o

=,

o= =N, E3ZT, Atd|7|Ht
= =
T T



I



cablecom]j

20%







OhEelHA

o OIAIO|E (Descriptive)
— Business Intelligence
e InIN=PY

L— L— L /1

-2 2HE

o ILAO|E (Predictive)

- 0=/2F

- O| & A




0|4t EFX|
Anomaly Detection

- 2 Mg, dE7tE ArE AH7| B

- BN 582 0l &2 oK

« AL DLHFGU A O o< O K]



0|4t EFX|
Anomaly Detection

= a0y, "o LR 7 S AR

2
o

At
()

* Unsupervised Learning, Normal boundary
Learning, Distance based Model

. e



I (vibration)

http://dnene.bitbucket.org/docs/mlclass-notes/lecture16.html
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R first, I later

* Proof of Concept
o Why?
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